
 

 

C. User Satisfaction 

In this research, evaluating user satisfaction is crucial, and 
this assessment relies on a questionnaire. We employed two 
types of questions in this survey: 1) a first-stage questionnaire, 
and 2) a second-stage questionnaire. Taking reference from 
research conducted and tested by Baizal [6], we structured the 
questions around six key characteristics essential for analysis 
in this study. These include perceived recommendation 
quality (PRQ), perceived efficiency (PE), trust (TR), 
informativeness (INF), ease of use (ETU), and clarity (EOU). 
The questionnaire design is influenced by prior work, 
ensuring a comprehensive and well-tested approach to 
evaluating user satisfaction in the context of the study as 
explained in Table V.  

TABLE V. EXPLANATION OF QUESTIONS 

ID Factor Question 

Q1 PE It is not difficult to find information on the 

camera 

Q2 INF I can locate a camera that appeals to me 

Q3 TR In the future, plan to purchase the camera 

that I selected using this application 

Q4 TR One day, I will buy the camera I chose from 

this app 

Q5 ETU I find it challenging to find a camera that 

suits my liking 

Q6 ETU While using this system, I did not encounter 

any difficulties 

Q7 EOU The options presented by the application for 

questions and answers are clear and simple 

to comprehend 

Q8 EOU I can understand the questions given by the 

app easily 

Q9 PRQ I like the interactions in this app 

 

 
Fig. 9. Results of the user experience survey 

Based on Fig. 9, ID Q6 scores a minus, most users disagree 
with this statement, but the results are positive for the other 
IDs, indicating agreement. This shows promising results for 
the six factors asked about PE, INF, EOU, PRQ, TR, and 
ETU. 

V. CONCLUSION 

Based on the research results, Collaborative Filtering, 
which selects data from users with similar characteristics, 

demonstrated a high level of accuracy with a small average 
value (MAE) of 0.572. The system's performance evaluation 
and user satisfaction analysis revealed an impressive overall 
accuracy of 88.17%. Questionnaire data indicated users' high 
satisfaction across the six studied aspects: Ease of 
Understanding (EOU), Perceived Recommendation Quality 
(PRQ), Perceived Efficiency (PE), Informativeness (INF), 
Trust (TR), and Ease of Use (ETU). These findings 
underscore the system's success in providing relevant 
recommendations and efficient user interactions. Looking 
ahead, future work could explore enhancements to further 
improve accuracy, explore additional user preferences, or 
integrate emerging technologies for an even more 
comprehensive and user-friendly recommender system. 
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